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Abstract 
This paper explores the critical need to document the use of Artificial Intelligence (AI) in 
humanities research. While AI offers efficiency and analytical power, its application raises concerns 
about transparency, bias, and reproducibility. Existing documentation frameworks often emphasise 
technical aspects, overlooking the human and contextual dimensions vital to humanities 
scholarship. Drawing on cross-disciplinary literature, the paper advocates for integrating paradata 
(process-related meta-information) to capture both technical and human facets of AI use. It 
proposes shifting the focus from speculative future needs to documenting the transformation AI is 
intended to achieve within specific research contexts. Practical strategies include combining 
automated tools with reflective documentation practices and providing clear explanations of the 
purpose and expected outcomes of AI use. The paper calls for infrastructural support and a 
rethinking of documentation sufficiency to enhance understanding, reuse, and accountability in 
humanities research. 

Keywords  
paradata, artificial intelligence (AI), documentation 1

1. Introduction

Adequate	documentation	of	Artificial	Intelligence	(AI)	systems	is	critical	for	the	transparency	and	
accountability	of	 their	use	and	understandability	of	 their	outcomes	in	humanities	research.	AI	
offers	multiple	benefits,	 including	of	being	potentially	less	expensive	and	more	efficient	to	use	
than	competing	techniques	of	processing	data.	In	addition,	they	are	argued	to	be	less	biased	and	
capable	of	achieving	higher	levels	of	accuracy	in	various	tasks	[1,	2]	many	of	which	are	pertinent	
to	 humanities	 scholarship.	 At	 the	 same	 time,	 there	 are,	 however,	 many	 well-known	 risks.	
Outcomes	of	AI	systems	can	be	unpredictable,	difficult	to	understand	and	fallacious	[3,	4,	2].	AI	
systems	have	also	shown	tendencies	to	discriminate,	and	to	replicate	and	perpetuate	historical	
societal	 biases	 [5].	 In	 spite	 of	 the	 critical	 importance	 of	 explainability	 of	 AI	 and	 AI	 use	 [4],	
documenting	AI	use	in	humanities	research	to	avoid	production	of	biased	and	fallacious	data	and	
knowledge,	so	far	the	bulk	of	the	emerging	research	on	documenting	both	technical	and	social	
aspects	of	AI	systems	and	their	use	has	focused	on	other	fields	of	scholarship	(cf.	e.g.,	[6,	7]).	
The	aim	of	this	paper	is	to	draw	attention	to	the	critical	importance	of	documenting	AI	use	and	

include	such	documentation	both	in	terms	of	documents	and	the	practice	of	documenting	AI	use	
in	infrastructures	that	support	humanities	research.	Drawing	on	a	cross-disciplinary	reading	of	
the	literature	with	a	focus	on	insights	relevant	to	AI	use	in	humanities	context,	this	paper	calls	
attention	to	why	documenting	technical	characteristics	of	AI	systems	is	not	enough	and	proposes	
measures	to	improve	the	usefulness	of	the	documentation	of	the	human	aspects	of	AI	use.	

2. Documentation of research processes in the AI era

Recent	literature	has	been	increasingly	emphasising	the	importance	of	not	merely	documenting	
research	 outputs	 but	 also	 the	 process	 of	 how	 research	 is	 conducted.	 Adequate	 process	
documentation	in	terms	of	diverse	forms	of	paradata	(understood	broadly	as	process	information	
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or	a	“category	of	things	that	can	be	appropriated	as	informative	of	processes	and	practices”	[8];	
for	 a	 more	 in-depth	 discussion	 of	 the	 concept,	 see	 [9])	 is	 crucial	 to	 understanding	 and	
accountability	of	 research	practices,	outputs	and	 the	reusability	of	 research	data.	At	 the	same	
time,	knowing	and	eliciting	paradata	that	is	useful	for	sometimes	hard	to	predict	future	uses	and	
determining	how	much	paradata	is	enough	can	be	exceedingly	difficult	[10].	
A	critical	part	of	paradata	is	sufficient	documentation	of	the	use	of	any	technologies	applied	in	

the	research	process.	This	applies	to,	for	example,	measurement	and	other	equipment	used	for	
data	capturing	but	also	software	and	instruments	used	in	data	analysis	and	producing	research	
outputs	[10].	Current	rapidly	advancing	AI	technologies	present	a	new	set	of	opportunities	for	
paradata	generation	[11]	but	also	challenges	to	documenting	the	technologies	themselves	when	
applied	in	research	processes	[12].	Much	of	the	work	relating	to	AI	use	in	research	has	focused	
partly	on	debating	what	types	of	AI	use	are	ethical	and	partly	on	how	to	properly	acknowledge	AI	
use.	Much	less	attention	has	been	directed	on	how	and	what	to	document	about	the	AI	in	the	loop	
[13,	7]	and	even	fewer	studies	have	addressed	so	far	the	issue	of	AI	documentation	in	the	context	
of	humanities	research	(exceptions	e.g.	[14,	15]).	Even	if	much	remains	to	be	done	in	developing	
both	theoretical	and	practical	understanding	of	documenting	AI	use	in	research	processes,	there	
is	an	emerging	transdisciplinary	body	of	work	relating	to	AI	documentation	[7],	a	part	of	which	
can	help	to	provide	relevant	insights	for	paradata	work	also	in	humanities	scholarship.	
The	principal	concern	of	AI	regulation	and	documentation	has	been	on	the	diverse	uses	of	AI	

in	contexts	judged	as	particularly	risky	pertaining	to	health,	safety	and	fundamental	human	rights	
[2].	A	growing	number	of	frameworks	and	guidelines	provide	general	guidance	and	directives	of	
what	is	expected	to	be	documented	relating	to	AI	systems	and	their	use.	The	existing	guidelines	
have,	however,	criticised	of	having	multiple	shortcomings.	Many	of	the	frameworks	are	focused	
on	technical	documentation	of	tools	rather	than	their	use	[3]	and	how	they	integrate	in	human	
processes	[16].	Similarly,	a	dominant	theme	in	earlier	observations	is	how	documentation	and	
many	documentation	guidelines	give	precedence	to	accountability,	managing	risks	and	liabilities	
and	conformity	to	rules	and	regulations	(e.g.,	 [3][17])	or	technical	 integration	of	systems	[18]	
rather	than	promoting	reproducibility	and	understanding	and	reuse	of	the	outcomes	of	AI	use.	
Königstorfer	[7]	notes	further	that	proposed	documentation	techniques	are	seldom	evaluated	by	
governance	experts	or	auditors.	In	parallel	to	high	technical	specificity	in	part	of	the	proposed	
techniques,	 the	 frameworks	 that	 focus	 on	 outlining	 general	 principles	 of	 ethical	 AI	
implementation	 risk	 to	 be	 too	 unspecific	 to	 provide	 actionable	 guidance	 [19][10][7].	 Privacy,	
research	ethics	and	lack	of	permission	to	share	process	information	are	also	identified	as	major	
impediments	 especially	 in	 proprietary	 contexts	 and	 research	 with	 human	 subjects	 involving	
sensitive	personal	data	[20][21].	
The	inclination	of	AI	documentation	techniques	to	focus	on	documenting	technical	artefacts	

and	preserving	easily	documentable	aspects	of	AI	use	parallels	with	observations	on	research	
data	makers’	 similar	 concern	when	documenting	data	making,	processing	and	use	 [22].	Their	
focus	 of	 interest	 differs	 from	 data	 reusers’	 emphasis	 of	 information	 that	 makes	 data	
understandable	and	reusable	[22].	This	parallels	with	concerns	expressed	of	 the	usability	and	
usefulness	of	software-focused	AI	documentation	produced	according	to	many	of	the	currently	
proposed	frameworks	[16].	

3. Approaches to the documentation of AI use 

Regarding the aspects of AI and AI use that needs to be documented, unsurprisingly considering the 
critique of technology overemphasis, the literature underlines the need to document the technical design 
and functionality of AI systems, including the AI model [6], and its training data [16]. In addition, the 
documentation should include information on the application context of the system and its development 
process [16]. Königstorfer [7] has analysed AI documentation techniques and identified three main 
aspects of AI that are recurringly in the focus, including the documentation of training data, application 
domain and design decisions. Moreover, similarly to the literature on research documentation and 
sharing (e.g., [9][23]), the AI literature underlines the importance of the understandability of AI 
documentation and balancing the costs and benefits of producing it [16]. 
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Techniques proposed for documenting training data include approaches based on providing 
summary statistics and visualisations of datasets. Tools exist for analysing diverse aspects of datasets, 
including bias and fairness, and facilitating the creation of relevant documentation [24, 25, 26]. 
Unstructured data is generally more difficult to document and often relies on descriptive metadata rather 
than summary data [7]. The techniques proposed for collecting concise summary documentation of the 
paradata on the use of AI, including various aspects of collecting and processing training data, 
application domain, design decisions, and deployment and use of AI are predominantly based on 
guidelines formulated as templates and checklists. Such frameworks include, for example, such 
frequently cited techniques as Model Cards [26] and FactSheets [13]. There are also tools like Jupyter 
Notebooks and workflow tracking systems that allow to diverse extents automatic documentation of 
computational processes [27][28]. 

In addition to AI specific documentation techniques, the majority of the methods applicable for 
general paradata documentation are also useful for documenting AI use. Liu and Huvila [11] provide 
examples of categories of such methods including methods descriptions in form of formal metadata, 
narrative descriptions, recording, logging, research plans and prospective workflows. As suggested by 
Juneström and Huvila [29], such approaches and multiple others can be used to document paradata 
prospectively before, during, and retrospectively, after AI use. 

4. Challenges and ways forward 

As	with	paradata	in	general,	 the	key	challenges	with	AI	use	specific	paradata	are	how	to	elicit	
adequate	documentation	and	how	to	determine	what	to	preserve	(cf.	[10]).	Both	earlier	paradata	
[30,	22,	31]	 and	 AI	 documentation	 research	 [7]	 point	 to	 that	 while	 user	 needs	 are	 a	 critical	
premise	of	what	documentation	is	relevant,	they	are	also	a	fleeting	target.	Expressed	needs	vary	
between	different	users	and	uses	that	are	associated	with	diverging	perspectives	to	what	aspects	
of	AI	use	require	explanation	and	transparency.	Humanities	research	is	generally	characterised	
by	a	greater	diversity	of	research	practices	than	paradigmatically	more	homogenous	disciplines	
[32,	33].	 This	 accentuates	 the	 challenges	 of	 documenting	 AI	 use.	 It	 is	 unlikely	 that	 a	 single	
documentation	standard	could	capture	all	 information	relevant	for	all	humanities	research,	or	
even	for	a	single	discipline	or	discipline-antagonistic	“data	culture”	[21].	
Much	 similarly	 to	 process	 documentation	 in	 general	 [10],	 undoubtedly	 the	 most	 critical	

challenge	 of	 documenting	AI	 use	 especially	 in	 humanities	 research	 context	 is	 how	 to	 capture	
enough	while	adding	as	little	to	the	effort	of	documentation	as	possible.	When	documenting	AI	
use,	 it	 is	 important	 to	 try	 to	 strike	 a	 balance	 between	 focusing	 on	 keeping	 (relatively)	 easily	
collectable	and	preservable	 technical	 information	directly	 from	and	 in	research	 infrastructure	
services	and	identifying,	generating	and	keeping	typically	more	eclectic	 information	about	the	
use	of	AI	to	an	extent	that	is	necessary	for	understanding	the	systems	and	its	use.	Keeping	certain	
technical	information,	such	as	summary	information	of	training	data	and	design	specifications	of	
models	 and	 algorithms,	 on	 AI	 algorithms	 and	 uses	 on	 the	 basis	 of	 its	 easy	 collectability	 and	
preservability	 is	 sensible.	 Similarly	 to	 collection	 of	 paradata	 in	 general	 [11],	 a	 part	 of	 the	
documentation	 of	 AI	 systems	 can	 be	 automated	 [7].	 In	 contrast	 to	 keeping	 such	 information,	
assuming	that	it	would	automatically	be	enough	is,	however,	highly	problematic	[11].	The	ease	of	
keeping	specific	types	of	information	also	comes	with	an	immanent	risk	of	keeping	too	much	that	
makes	 searching	 and	preserving	 the	 information	both	 too	 laborious	 and	 resource-demanding	
[34].	Instead	of	assuming	that	keeping	existing	information	would	solve	the	conundrum,	a	critical	
question	to	consider	is	the	sufficiency	of	documentation.	In	cases	when	sufficiency	can	be	to	a	
reasonable	 extent	 specified,	 evaluated	 and	 audited,	 such	 measures	 should	 be	 considered.	 In	
contexts	 like	 the	 humanities	 research	 where	 a	 single	 measure	 of	 sufficiency	 is	 close	 to	 an	
oxymoron	 due	 to	 the	 diversity	 of	 practices	 and	 theoretical	 perspectives,	 an	 approach	 worth	
considering	is	to	try	flip	the	perspective.	Instead	of	approaching	sufficiency	from	imagined	and	
sometimes	 unimaginable	 user	 perspectives,	 a	 more	 practical	 line	 of	 action	 ought	 to	 be	 to	
approach	 it	 from	 the	 premises	 of	 how	 a	 specific	 instance	 of	 AI	 use	 is	 conceived	 from	 the	
perspective	of	the	AI	use	itself.	
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First,	 instead	of	 trying	 to	produce	documentation	 for	others	and	assuming	 that	 it	provides	
expected	type	of	transparency,	a	potentially	useful	complementary	strategy	is	to	try	to	produce	
a	brief	 description	 of	 what	 each	 piece	 of	 documentation	 is	attempting	 to	 achieve	 and	 how.	 For	
example,	such	documentation	might	contain	a	brief	explanation	of	how	a	descriptive	summary	of	
training	data	and	a	narrative	description	of	the	principles	of	how	an	algorithm	works	are	expected	
to	allow	an	individual	with	basic	skills	in	computational	methods	to	understand	the	logic	of	how	
the	documented	system	generates	its	outputs.	
Second,	rather	than	assuming	that	a	meticulous	step-by-step	description	of	what	was	done	

could	 capture	 all	 relevant	 information,	 a	 potentially	 powerful	 complementary	 approach	 is	 to	
produce	a	documentation	of	what	a	particular	AI	system	was	used	for	and	what	it	was	considered	
to	have	achieved	 in	 the	context	of	 its	use,	 that	 is,	what	was	 the	purpose	of	AI	use	and	how	the	
outputs	and	outcomes	of	 an	AI	 system	were	 considered	 to	 compare	 to	 its	 inputs.	A	pertinent	
critique	 of	 present	 process	 documentation	 practices	 is	 that	 it	 is	 not	 always	 clear	 what	
documentation	is	attempting	to	achieve	[35].	The	general	contextuality	of	process	documentation	
[36]	 increases	 the	 risk	 that	 acontextual	 procedural	 descriptions	 are	 especially	unclear	 in	 this	
respect.	In	contrast,	when	the	focus	is	put	on	explicating	the	transformation	AI	is	used	to	achieve,	
the	likelihood	of	being	able	to	convey	a	more	comprehensive	understanding	of	the	use	of	AI	can	
be	expected	to	be	greater.	
The	crucial	step	in	switching	perspective	from	speculating	on	future	user	needs	in	cases	when	

they	 are	 unknown	 to	 taking	 the	 AI	 use	 itself	 as	 a	 starting	 point	 is	 not	 to	 produce	 two	 new	
categories	of	documentation	but	rather	to	take	a	perspective	that	can	be	taken	and	utilising	it	as	
a	starting	point	for	producing	meaningful	documentation.	This	is	also	a	task	where	documenters	
could	 benefit	 of	 infrastructural	 support.	 In	 addition	 to	 the	 general	 need	 of	 more	 support	 in	
process	documentation	[37],	eliciting	AI	use	oriented	documentation	requires	that	documenters	
focus	on	producing	a	best	possible	account	of	their	own	practices	instead	of	trying	to	adhere	to	a	
set	of	guidelines.	While	humans	generally	have	difficulties	to	explain	their	actions	and	rationales	
in	detail,	it	is	still	much	easier	than	hypothesising	what	others	might	need	to	know	about	them.	
Assessing	 the	 sufficiency	 of	 documentation	 is	 also	 likely	 to	 be	 easier	when	 it	 is	 done	 from	 a	
specific,	to	the	documenter	familiar,	perspective	rather	than	approached	as	a	measure	without	
an	explicit	point	of	reference.	Furthermore,	articulating	the	perspective	makes	it	explicit	for	those	
consulting	the	documentation,	simultaneously	helping	them	to	make	sense	of	it.	

5. Conclusion 

Documenting	AI	use	 in	humanities	 research	 and	 conveying	 such	documentation	 is	 critical	 for	
understanding	research	processes,	their	direct	outputs	from	research	data	to	diverse	forms	of	
publications	and	broader	outcomes.	The	fast-evolving	AI	techniques	and	their	uses	mean	that	the	
adequacy	of	documentation	is	a	fast-moving	target.	There	is	an	urgent	need	to	develop	a	better	
understanding	how	to	document	AI	use	in	humanities	research,	what	needs	to	be	documented	
and	how	documentation	and	the	work	of	documenting	should	be	incorporated	in	and	taken	into	
account	 in	 the	 development	 of	 humanities	 research	 infrastructures.	 Major	 challenges	 in	 the	
process	include	how	to	capture	enough	of	the	human	side	of	the	AI	use	processes	and	how	to	
decide	what	 is	 sufficient	 documentation.	 Rather	 than	 trying	 to	 speculate	 on	 future	 needs,	 an	
approach	 worth	 considering	 is	 to	 switch	 perspectives	 to	 focus	 on	 documenting	 the	
transformation	AI	is	used	to	achieve	rather	mere	interactions	with	a	particular	system,	and	to	
reflect	and	document	what	the	documentation	itself	is	attempting	to	achieve,	for	whom	and	how.	
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